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BIG DATA IS NOT ABOUT THE
DATA

Finland

Latvia

GGGGGGG

WE KNOW WHAT T0 DO WITH
THIS DATA NOW

—GARY KING
PROFESSOR OF HARVARD UNIVERSITY
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L NMOCTOB B COLUA/IbHbIX CETAX
KAXAbIA OEHDb

KAMAbIUA AEHb TPATUTCA HA
NPOCMOTP BUAEO C MOBWU/IbHOIO YCTPOUCTBA

noANMUCHNKOB HA
CTPUMUHIOBbIN CEPBUC NETFLIX
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HYTO TAKOE



UTO BIG DATA accenture

O TPAAUUUOHHDBIX AdHHDbIX, TAKUX KAK
AOKYMEHTDbI U 6a3bl AdHHDbIX

NpocTo ewe oaHO 0603HaueHune
«bonbworo Konnyecresa AaHHbIX»

TO/ZIbKO O AAdHHDbIX

SOA
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YTO BIG DATA

3TO 60nbLION 06bEeM AaHHbIX
obpabartbiBaembiU Ha OCHOBe

3TO TO, YTO Mbl C
3STUMU AAHHbIMM

HY>XHa ANA NYYLLUX Y
NPaBUAbHbIX
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3 BIG DATA NMPOEKTA B accsrir
ACCENTURE BA2TOIA

1. OBPABOTKA AOAHHbIX O
NONb30BATE/IbCKOU AKTUBHOCTMU
U UX CEPUANTNSALUNA

r/
N

K ~

% ~ g
\ .

v
\( "
\ /1 .

2. CUCTEMA NPEAOCTABNIEHNA BUAEO
KOHTEHTA U NOACYHET KPI ANA
BUSHEC-AHAJTUTUKHU

3. ObPABOTKA U NOAITOTOBKA  _
OAHHbIX O NMOJIb3OBATE/IbCKOU
ARTUBHOCTU AN1A DATA SCIENTISTS  [o¢
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- VOLUME accenfure

FACEBOOK STATISTIC

HA OAHOM HDFS K/IACTEPE

ANAHHbIX OBPABATbIBAKOTCA B
HIVE KAXObIU

HOBbIX AAHHbIX AOBABNAIOTCA
B XPAHUJIULLIE OEHDb

https://www.facebook.com/notes/facebook-engineering/under-the-hood-hadoop-distributed-filesystem-reliability-with- A
namenode-and-avata/10150888759153920/

DAYS#23



- VELOCITY accerure

NETELIX STATISTIC

NMPONYCKHOWU CNOCOBHOCTU
MHTEPHETA B CEBEPHOU AMEPUKE

* AHAJIN3 NOCTYNAKOLWUX AAHHDBIX B

CEPBEPHbIX MHCTAHLUMI

https://www.linkedin.com/pulse/netflix-dominates-fixed-internet-video-bandwidth-mobile-jeff-nelson S@ A

DAYS#23



- VARIETY accerure

Latvia ATC
INSTAGRAM STATISTIC
U30BPAXKEHWUU 3ATPYXKAETCA
KAXAYIO MUHYTY
NAUKOB KAXKAbIUA OAEHDb
MPOCMOTPOB CTOPUCB
NEHb
gzﬁi{;\mﬁxﬁ?ngﬁiec/;TSIzisgfgesT:éd marr/2018/03/16/the-amazing-ways-instagram-uses-big-data-and- S @ A
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NMPUMEP PIPELINE  accenture

ExxeaHeBHaA obpaboTka / Batch Pipeline

o
@

Cep

Validation
¢ Processing Data Base Bl tools
Data storage I | | :‘ . ‘ ' ‘ ‘ I ' ‘ ' I .
— i amezon alik@
W spark’ ! | —
amazon|§ 3 q’ l:i e 00000 e
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NMPUMEP PIPELINE  accenture

OG6paboTka B peanbHomMm BpemMmeHu / Real Time Pipeline

Data Scientist Analytics tool
Processing ® Bl tools
Producer . / j
‘ﬁm T‘I’T Data storage “_“_d

((_/\ ) ‘. ‘_7.;:_;_ Qlik@
@ S é > j Spark’ NO amazon | §3 amazon
Splunk = SQL  Vebseniees QuickSight

SQOA
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MAP REDUCE  accenture

SHUFFLING
MAPPING REDUCING

CliEREED
Spark

Splunk

talen

SQOA

DAYS#23
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TECTUPOBAHME
VS
TECTUPOBAHME




AaHHble

TecTupoBLWMKM paboTatoT C
CTPYKTYPUPOBAHHbIMMU
NAHHbIMU

TectupoBWMKK paboTatoT
OAHOBPEMEHHO U C
CTPYKTYPUPOBAHHbIMU AAaHHbIMU U
C HECTPYKTYPUPOBAHHbIMMU
NAHHbIMU

[loaxoabl K TECTUPOBAHUIO
onpeaeneHbl U NpoBepeHbLl
BpemeHem

[loaxoAbl K TECTUPOBAHUIO
choKycmnpoBaHbl bonblie Ha R&D

TecTMpoOBLUMKN MOTYyT
npumeHATb "Sampling”
TEXHUKU A1 TeCTUPOBAHUA

"Sampling" TexHnKa B Big data He
paboTaeT nam TpebyeTt o4yeHb
bonblnx 3aTpaT

BO3MOXHO py4yHOe
TecTUpoBaHue

BO3MOMHO TONBbKO
aBTOMaTM3nNPOBaHHOE
TecTupoBaHue

>
accenture
Latvia ATC

SOA

DAYS#23



UHPpacTpyKTypa

MCI'IbITYEMaFI CNCTeEMa MOXKET
ObITb 3anyweHa 10Ka/ibHO

TpebyeT oTAENbHOro OKPYKEHUA
ON5 3anyCcKa n3-3a obbema AaHHbIX
n Konndvectsa ¢amnos (HDFS)

UHCTPpYMEHTDI
BaAuaauum

TecTUpOBLUMKN nMeloT
MHOXeCTBO MHCTPYMEHTOB,
HauymnHasa oT Excel n
3aKaH4YMBaA MHCTPYMEHTaMMU
Ul asTomaTmnsaumnum

HeT cneuunanbHbIX MHCTPYMEHTOB
MMEHHO ANA TeCTUPOBAHUA,
TECTUPOBLLUKM UCNOAb3YIOT TOT XKe
Habop MHCTPYMEHTOB, YTO U
pa3spabotunkum (MapReduce, HIVE)

NHCTPYMEHTbI MOTYT ObITb
MCMNONb30BaHbl 6e3
cneumnasibHbIX 3HaHUN

TpebyeTtcAa 3HaHue
NpPorpaMmMmpoBaHnA U
NPOXOXKAEHUSA TPEHUHIOB MO
paboTe ¢ AaHHbIMU
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LA M K YCINEXY accenture

NMOHATb CBOU AAHHbIE

NOHATb CBOU NMPOLIECC

ABTOMATU3UPOBATb, ABTOMATU3UPOBATb
ABTOMATU3UPOBATb

MPUTOTOBbLTECDH K
HAIPY304HOIO TECTUPOBAHUA

SOA

DAYS#23



NMNOHATb CBOU NNAHHBbLIE accenfure

dopmaTbl AaHHbIX

CTPYKTYpPMpPOBaH YactnuHo HE
Hble AaHHbIe CrpykTypuposaH CTpyKTypupoBaH
Hble AaHHble Hble AaHHble
Database CSV Video
Data XML Audio
warehouse
ERP, CRM JSON Image

SOA

DAYS#23



NMOHATDb CBOU NPOLLECCDbI =cceriue

ExxeaHeBHaA obpaboTka / Batch Pipeline

1. TEHEPAUWUA OAHHbIX 3. MPOBEPKA OBPABOTKU AAHHbIX
2. TPOBEPKA NOCTOBEPHOCTU 4. NPOBEPKA BbIBOAA
AAHHbIX

e % & Processing Data Base .Bl tools
o — & it
‘ﬁa“. Data storag / ’I'T'T w :

o I amazon

K REDSHIFT
W spark -—
3&%&2“53 <\‘< - ‘ 1‘ Qﬁ;e QuickSight
- g-?" MAPR = 1 =
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NMOHATDb CBOU NPOLLECCDbI =cceriue

OObpaboTtka B peanbHoMm BpeMeHU / Real Time Pipeline

1. CUMYNAUUA AKTUBHOCTEMN 3. AHAJZIN3 METPUK
2. AHANN3 CKOPOCTU OBPABOTKHU 4. [MPOBEPKA BbIBOAA
OAHHbIX

=
(™
Cep

Data Scientist Analytics tool

Processing

. Bl tools
Producer . /’ I‘ ‘
’TTT Data storage j
e - Qlik @
C o = ]| SparK NO amazon |S3 amazon
Splunk — SQL webservices QuickSight

SQA
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TOOLSET ANnA TECTUPOBAHMA accenture

Latvia ATC

Batch Pipeline

10

4, .
é/, ProceSSIng Data Base Bl tools
amazon

\ Data storage /v I | I
REDSHIFT
C’BD Wi |S3 S o e lad s,
o %ﬂ MAPR % g(b ig

Data generation Acceptance testing Data validation testing Ul testing
talen @ :E’Ej talen @ / talen [ ] % POSTMAN /()
Java (4 =
cucumber cucumber =’ cucumber Java
Java

(( 7Z=PHYR cucumber

SOA

Copyright 2018 Accenture. All rights reserved. DAYS#23




anA TECTUPOBAHUA accenture

Latvia ATC

Real Time Pipeline

Data Scientist Analytics tool
Processing :)) Bl tools

Producer . .
‘ﬁm ) T‘I’T Data storage “_“_d
' Qlik @
@ (Am é—( > mh Spr"gZ NO amazon |S3 amazon
Splunk> <= SQL webservices™ QuickSight
Activity simulation Performance testing Acceptance testing Ul testing
e@atlin g
talen £:Gatling < talen @ ¢
Java =
m atlin g EScala Splunk> Java

EScala ;;% ZC\@ ZZPHYR S @ A@

Java
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BDD CLEHAPMM ONA accenture
NMPUEMOYHOIO TECTUPOBAHMA et

@aily @VOD @Guest @Content @lday
Total views of the guest users by content type = '%VOD%'
following data was ingested and aggregated

I execute following <query>

I expect to receive following results

SM®A

DAYS#23




BDD CLLEHAPUM ONA
BAJIMOALIMAN IAHHDbIX

@egative @andatory
Check existing of mandatory fields for Join Flow
Generate Join csv with this data

I execute following query

I expect to receive following results

>
accenture
Latvia ATC

SQA
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BDD A DDT ONAdA rEHEPALIMA accenture
nAH H bl x Latvia ATC

_indev group v | id# « | partition_dat..v| user_type |» sessionid |« action_typ¢.r cour «| platform_typ(~|currenc~ | revenu~
287 agg purchases purchases (7) date+2 user id 1  session 0 purchase 1 platform 0 EUR 12
288 agg purchases purchases (7) date+2 user id 8 session 0 purchase 2 platform 0 EUR
289 agg purchases purchases (7) date+2 user id 9  session 0 purchase 1 platform_0 usD

1290 age_purchases purchases (7) date+2 user id 11 session_11 purchase 1 platform_11  EUR

@Revenues @aily @Platform @Currency
A_162, Revenues ( USD, GBP, EUR ) by currency = (EUR and USD) and platform and state for daily agg
following data was ingested and aggregated

SQA
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TALEND OPEN sTuDIOo talend

=

100 rows in 0.04s
':D:' 2631 58 rows/s

.LI—LU row1 (Main) \J oW 2 Mal
tRowGenerator_1 generatedRow tM._

match|(Main)
row3 (Lgookup)

match
s

userList
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TALEND OPEN sTupio talend” ...

Latvia ATC
® ® Talend Open Studio for Big Data - tRowGenerator - tRowGenerator_1
Schema Functions Prev
Column Type Functions Environment variables Pre
id Integer Numeric.random(int,int) min value=>10000 ; max val...
timestamp Date TalendDate.getRandomDate(... min=>"2017-01-01" ; max=...
name String TalendDataGenerator.getFirst...
action String "view" , "login" , "purchase"
age Integer Numeric.random(int,int) min value=>12 ; max value=...
gender String "™M", "F"
. Columns v Number of Rows for RowGenerator 100
o0 l_k:l. ey H
Function parameters | Preview
1000 Number of Rows for Preview Preview
id timestamp name action age gender

1 17116 10-04-2017 Martin

49261 07-01-2017 Thomas
43025 05-08-2017 George
77766 18-04-2017 Theodore
67162 17-06-2017 Bill
18906 07-03-2017 Herbert
56546 28-09-2017 Theodore
14045 12-08-2017 Woodrow
O 57630 08-05-2017 William

= OO NG~ W

purchase 87 F

2 142918]10-08-2017|Warren _|purchasel44 M |

purchase 66

view
login
login
view
login
login

view

16
92
39
34
68
55
82

ST T mmZ T

SQA
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TALEND OPEN sTuDIOo talend

Talend Open Studio for Big Data - tMap - tMap_1

5

row2

Column
id
timestamp
action
tocken

row3

Expr. key
&, row2.id

Schema editor Expression editor

row2
Column Key Type
id Integer
timestamp Date
action String
tocken String

Find : J S
-iln B o Var
o L B o
Column
id
name
gender
age
+| Nullab Date Pattern (Ctrl+Spac Length Precision Default Comment
"dd-MM-yyyy"

match
Column
id
name
gender
age

Key

w

Type
Integer
String
String
Integer

b 4 L] Auto map!

match
, row2.action == "login"

Expression
row2.id
row3.name
row3.gender
row3.age

| Nullab Date Pattern (Ctrl+Spac Length

[<J<J<]<)
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Column
id
name
gender
age

Precision Default Comment

®
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TALEND OPEN sTupio talend” ...

Latvia ATC

(1] : : : (1] :
B B K B » B
z =111 .
tSSH_1 tSortRow_1 tMap_1 tAggregateRow_1 tUnite_1 tLoop_1 tREST_1
= o (1 0 0
Lo > of i = acid
tJava_1 tSplunkEventCollector_1 tHDFSEXxist_1 tUnigRow_1 tHivelnput_1 tFuzzyMatch_1
—_—

SQA
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CONTINUOUS INTEGRATION accenture

Latvia ATC

#51 openstack_batch_test4_0 #101 openstack_batch_test4_etl_setup
= =

- C

t
Pt

5
| - "

#51 openstack_batch_test4_integration_prepare_run #129 openstack_batch_testd4_integration_ingestion_run openstack_batch_test4_aggregation_tests_run
(=] (=] B

< = L

SOA
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BDD OTHUETDI accenture

Latvia ATC
Features Statistics

The following graphs show passing and failing statistics for features

Scenarios

Feature Pending Total Total Duration Status
A_20 Accesses 0 0 0 0 15 0 5 1s 323ms
A_21 Registered Accesses 0 0 0 0 15 0 ) 328ms
A_25 Accesses 0 0 0 0 15 0 5 304ms
A_26 Accesses with View 0 0 0 0 12 0 4 225 783ms
A_27 Accesses without View 0 0 0 0 30 0 9 125 995ms
A_28 Failed Login 0 0 0 0 15 0 5 1s 790ms
A_29 Successful Login 0 0 0 0 30 0 10 35 292ms
A_42 Users Access More Platforms 0 0 0 0 3 0 1 081ms
A_316 Lost Users 0 0 0 0 2 0 1 071ms
A_317 Reconnected Users 0 0 0 0 3 0 1 056ms
A_318 Loyal Users 0 0 0 0 3 0 1 064ms

®

.. S——
Copyright 2018 Accenture. All rights reserved. D AYS#2 3
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CONTACTS

Visit us

Konstantin Pletenev
Test Automation Engineering Specialist
konstantin.pletenev@accenture.com

BIG DATA
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